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Hardware Component Dataset Size #Docs #Pgs/Doc #Rels
Bipolar Junction Transistors 3GB 6.9k 55 4

KnOWIedge BaseS Circular Connectors 3GB 5.1k 3.2 1

. Operational Amplifiers 5GB 3.3k 23.3 2
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Our Joint Approach

e On average, we surpass Digi-Key by 12 F1 points—
improving recall 24 9% at a cost of 9% in precision.
e Our errors are often systematic errors, not random

human errors, and more readily identified.
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